HEEA A HHBIEY 2 G
THE INSTITUTE OF ELECTRONICS, TECHNICAL REPORT OF IEICE.
INFORMATION AND COMMUNICATION ENGINEERS

Twitter % W72 S8 E GO TR

20 I NN L TR S UL 2% NI LI I ez

T RO R KRR G TR 5eR T 113-8656 HURH SOX KA 7-3-1
T HARTA - = - AR FOEMNIZET T 135-8511 HRAUHLH X 2 5-6-52
E-mail: fssaito@sat.t.u-tokyo.ac.jp, {1{yikawa,akikom}@jp.ibm.com, T{thideyuki@mist.i.u-tokyo.ac.jp

HoFEL EEFKLLTWS Twitter IZEWVWT, =¥ =il K> TERMINT WA HEIRFRARBHRIZEL D, EHFROH
KFEZHRFIZHD ZENTEE L5120, RIZKENIGRETEHINT WS, UL, BE, SEFSIZENT
X, AFTHRELUREOHEREZEBETVWIZI L%\, £/, HREOHIRHTFERIBEL S ELINTWVWSD, 0
KEORTIAVTFFARNDERP DN SRV DLWV, KifZE T, KEOHHREZ, TOXEORTIVTFAL
ZRIERE L HI1T, RHICRRT 2 AEE2IRET 5. [EHICET 558E L, BROFECL > TRINDFHEIZRD,
ENSHICERTEYA— NEIREAVPERLZ L WIRGEL T, ZORGIZEDE, oo rd s/ 70a3a
=T & UCHEEZREL, TOFMEIZEALTVWEY A — MNaLOREDOENZEEA LMY —AE L WS 5
HE2EEL, Thadb e IZRET2 2 2BETS. Twitter DF—XZHAWT 2014 4E 1 H 17 HIZFEAE LU K5 %
WHHUIZEERL, ZURKENRAT 4 7T OBREL VIR TEZZ 2 2R U,

F—T—K V=YY AT1 7T, ARV IMH, FT77, MY —-AE

Early Detection of Disasters with Contextual Information on Twitter

Shota SAITOT, Yohei IKAWATT, Hideyuki SUZUKI', and Akiko MURAKAMI'f

1 Graduate School of Information Science and Technology, University of Tokyo 7-3-1 Hongo, Bunkyo-ku,
Tokyo, 113-8656, Japan.
17 IBM Research — Tokyo 5-6-52 Toyosu, Koto—ku Tokyo, 135-8511, Japan.
E-mail: fssaito@sat.t.u-tokyo.ac.jp, t1{yikawa,akikom}@jp.ibm.com, tfthideyuki@mist.i.u-tokyo.ac.jp

Abstract Twitter, a recently growing micro-blogging service, offers opportunities to analyze real-time events by
its real-time nature. Particularly, it is highly valuable if real-time disasters in a real world can be detected by
Twitter. However, we have to search for the disaster on Twitter manually, or we cannot know the details or the
contexts of the disaster if we use previous porposed event detection methods. Therefore we propose a method for an
early detection of disasters with contextual information. In this study, we assume that huge disasters make a topic
which is composed of several words, and that the expression of tweets mentioning that disaster diverge. Based on
the assumputions, we propose to make a graph of cooccurence of the words appearing in Twitter, and to detect real
disasters by independent source measure, which measures how much the expressions between each tweet mentioning
a same topic diverge. We demonstrate our technique on real data from Twitter and show that our method can
detect reasonable disasters before media reports.
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